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(54) NETWORK INFERRING METHOD 

(57) The present invention provides a method for 
predicting a topology stepwise by producing candidate 
networks that can reproduce a given data profile, eval- 
uating these candidate networks, and predicting a net- 
work structure and parameters that can provide the data 
profile. According to the present invention, a regulatory 
network for a gene that may induce a certain phenom- 
enon or a metabolic network indicating enzyme and pro- 
tein reactions can be predicted based on gene expres- 
sion or protein concentration data. 



Fig. 5 



Generate topologies 

♦ Topology storage means 

15" o o 0 o — --v 0 



A 7 ', i s 

Tafflet profile ^Qptimge pararneler^I^* Topology storage means 

ft b o_ o _o ^ _e Q ff?~H~^ o _ 



9 °o 0 < > 
o O o 



■fpi 

P— C 




■ismue parameters -j^> Topology dorag 
jM} - o ° o °o t-^a 



I means 





"a b i 

_ c I Generate topatogies 
L " t ""* airong first cow net v — .j ^^- r 



1 Cfr^a parameter/ JJ- Taadbg^oraoe me 

,ob^cj--c° o0 ^^ 0 00 




Second core network 

Generate topologies 
•""fining firs< core 




Q. 
LXJ 



Printed by Jouve, 75001 PARIS (FR) 



BEST AVAILABLE COPV 



45 



SO 



55 



EP 1 248 231 A1 

Description 

Technical Field 

5 Sl^J, 1 . The P resent '^vention relates to a method for predicting a system that can be modeled as a network of separate 
correlating elements thai .nterfere with one another, based on information thai indicate the behavior or stale of the 
network. The network predicting method of the present invention is useful in predicting, based on data regarding gene 
2iS th"', P T, COncentration ' or such associated with a biological phenomenon, the structure of a regulatory 

io o! ^Toteins ^and so o" * ^ ^ phen ° menon ' or a me,abolic net work that shows reactions of enzymes 

Background Art 

[0002] Recent rapid progress in molecular biology is contributing to the accumulation of a large number of data on 
V f iC !' 6Xamples of such ^^isms include yeast, nematode, and Drosophila. For example, for 
nematode (C. elegans), the entire cell lineage has been predicted (Salston et al., Dev. Biol. 100 64-119 1983) and 

o e o «? n c ne ? h ' 0nS V hB ^ SVStem and the like have been identified < White et al.. Phil. Trans.' R. Soc 314 1-340 
11 ' n ' thS entire 9 enomic DNA nucleotide sequence was clarified (Science 282 201 2-201 7 1 998)' 

In addihon to nematode, the entire genomic DNA nucleotide sequence has already been determined for mode! organ- 
isms such as yeast E. col, and mycoplasmas. It is expected that identification of the entire nucleotide sequence of 
human genomic DNA, whtch is the ultimate goal, will be completed within several years 

[0003] However, clarification of a nucleotide sequence is totally different from the characterization of genes and their 
7tZ°Z ,n,eraCti0nS : That is > the termination of the nucleotide sequence of a genome only identifies an aspec 
onH fhf ? f \ 9e " matenal - ° rdert ° understand an or 9 ani ^ based on genetic information, the effects of 
.dentmed indMdUal 96065 C ° ntained *° determined nucleotide sequence must be clearly 

t t SniJ t !. 6ntif i Cati0n ° f I" 6 fUnCti ° nS ° f ° r interactions between g^es is very difficult. For example, it is considered 
h«2T * B t , C6 " ,S com P° sed of 5 - 000 to 7 - types of proteins. A proteome cannot be understood until 
^friZ T Tfl Pr0t6 ' nS arS individuall V identified - and the functions of and interaction therebetween are char- 
acterized. Most of the current molecular biological efforts focus on the identification of a gene associated with a tarqet 

^H2°rrH 0 t n h and t itS transc : ipt ' and on the elation of an interaction that may induce this phenomenon. In order to 
understand the interaction between genes, however, an enormous number of combinations in which a large number 
° 96 ? S are ( Connected l °g ether ™ st be considered. It Is very difficult to perfonm these operations manually. The 
m 6 n«, m ™ nlofs aim to overcore this difficulty by introducing a computer, which has the ability to calculate 

comfLr^ 1 ^ 0 ^ 6 ^* 18 ? St !f 6d ^ R9 ' r ThiS draWi " 9 Sh ° WS the re 'a«onship between a section that utilizes a 
computer (a virtual section) and a section that actually conducts biological experiments (a real section) in Fiq 1 when 

ZiooZ i r 0n , , °, b6 / C J arif ! 6d I' idemmed ' 8 m ° del iS Created ° n tne com P uter < R g- 1 = P hase IB > based on current 
biological knowledge (F,g. 1 ; phase IA). Alternatively, if a hypothesis has already been presented, it is fed to the com- 
puter. Such a model .s used to carry out simulations (Fig. 1 ; phase IC), and the consistency between simulation results 
and observed data ,s evaluated (Fig. 1 ; phase ID). If the simulation results and the observed data do not agree with 
each other there are two possibilities. One is that the simulations are imprecise. This problem can be solved by making 
the simulations more precise and thus more reliable. The other possible problem is the imperfection or incorrectness 
r™, ° aSe ' 3 m ° del mUSt be cons tructed that conforms to known experimental data 

[0006] Subsequently, this model is used to perform experiments on a computer if possible (Fig. 1 phase IIF) After 

P hp a h!nL°H T T 6 " " " iS " 0t P088ib ' e ' aCtUa ' bi0l ° 9ical e *P eri ™nts are commenced to check whethe or not 
the hypothetical model, or such, is correct (Fig. 1 ; phases III and IV). 

[0007] In this manner, "biological reverse engineering" can be carried out. In addition to biology, a large number of 
fields require that a hypothetical model be verified by simulation on a computer. 

S!c 8 Ln° r eXamPl6 ' m ° lecular bi0, °gy. a ne twork is predicted based on data obtained using DNA chips, microar- 
Sr^ta « 8 k 80 SUCh - 35 ta 00 temP ° ral variations in the amount of gene products or proteins. Alternatively 
sensIXe S^tflfl T °^ USing electrophysiological experiments or voltage 

sens.t.ve ptgments. If a computer can be used to predict models indicated by a network of interactions between genes 
prote.ns, and enzymes, as well as a network of neurons, which are all behind the above data, it could be useful' 
However the total number of models that can actually be dewed from given data is enormous. Conventionally, only 
models that can be evaluated using the limited processing ability of human beings were considered. Alternatively 
™««, 6S refy ' ng ° n human intuition> which were then confirmed through biological experiments 

[0009 In contrast, the present inventors aim to limit the number of plausible models by using a computer to predict 
models (networks) that may generate data similar to given data. In Fig. 1 , described above, this aim relates to phase I 
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[0010] The term plausible model, as used herein, means a reasonable model that can be defined based on given 
data when a network is predicted. The reasonable model is useful in making a plan for the next experiment or con- 
structing a new hypothesis. 

[0011] The prediction of a model of interactions (network prediction) is required to identify a causative gene associ- 
5 ated with a disease, to predict the effects of dosage, and so on. It can also be used to predict unknown genes or gene 

products. Further, verification of a hypothetical model based on computer simulations is an important analysis method 

not only in the biological fields, but also in fields such as traffic networks and economic systems.. 

[0012] In addition to biological phenomena, networks to be analyzed include artificial networks such as computer 

networks. For example, in the Internet, which can be called a "network of networks", simulations of traffic (the amount 
10 of information flowing through a network) are often performed. Prediction of throughput and the like are executed based 

on a large number of data, including the frequency of accesses to a router and such and the amount and size of flowing 

packets. These analyses correspond to the prediction of a network. 

[0013] The present inventors established a network predicting method based on the above concept. That is, the 
present inventors proposed a method for generating a candidate network that can reproduce a target profile and screen- 

15 ing the network using a mutation analysis (Morohashi et al., Proc. of European Conference on Artificial Life, 19g9). 
The target profile, as used herein, refers to a set of data actually provided by a network to be clarified. Further, mutation 
analysis, as used herein, refers to a method for evaluating a candidate network based on data given by a network 
containing a mutant. With this method, data for the target profile or mutation analysis must be collected through actual 
experiments. That is, these data are "real". Consequently, experiments for mutation analysis must be repeated. This 

20 method involves a step of screening a single candidate. Accordingly, it was difficult to set a wide selection range. 

Disclosure of the Invention 

[0014] An objective of the present invention is to provide a network predicting method that can be implemented on 

25 a computer to allow efficient selection of hypothetical^ created models. More specifically, the objective is to provide a 
method for enabling a network to be efficiently predicted while reducing the number of actual experiments required. 
[0015] Among the steps constituting the previously proposed network predicting method, the present inventors fo- 
cused on mutation analysis. In order to effectively utilize computer-based simulations, it is important to minimize of the 
amount of data obtained through experiments . In other words, ideally, a maximum number of models should be 

30 screened based on a minimum number of experimental data to select a network having only a small error with the real 
world. Based on these concepts , the present inventors conducted extensive studies in order to realize a new network 
predicting method that requires no evaluation methods involving experiments such as mutation analyses. 
[0016] In a library composed of candidate networks, the present inventors focused on networks that have only a 
small difference from a target profile. The present inventors then found that these networks frequently contain a common 

35 pathway. As used herein, the term "topology" means the physical structure constituting a network. The topology is 
composed of a set of pathways, which are lines joining together the elements constituting a network. Accordingly, in 
other words , a network is a topology composed of a set of pathways and involving various parameters. The present 
inventors further found that a network that can reproduce data can ultimately be constructed by extracting a common 
pathway, generating new candidate networks containing this pathway in their topologies, evaluating these networks, 

40 and repeating these steps, thus completing the present invention. That is, the present invention relates to the following 
network predicting method and apparatus therefor. 

(1) a network predicting method that can reproduce data from given data produced by mutually related elements 
when the relationship between the elements can be described as a network, wherein the method comprises the 
steps of: 

a) generating topologies that can reproduce the given data, and for each of the generated topologies, producing 
a parameter set that has the highest fitness to the given data, thereby obtaining candidate networks; 

b) extracting a consensus pathway from the networks produced in step a) that meet a desired criterion; 

50 c) generating topologies containing the consensus pathway extracted in step b) , and providing each of the 

generated topologies with a parameter set that has the highest fitness to the given data, thereby obtaining 
networks; and, 

d) repeating steps b) and c) using the networks obtained in step c) as candidates until the scale of networks 
converges to a desired value, thereby obtaining a new network; 

55 

(2) the network predicting method according to (1) , wherein the desired criterion is evaluated based on fitness in 
step b); 

(3) the network predicting method according to (1) , wherein the desired criterion is an ability to generate data that 
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are similar to the data generated by a network containing the pathway in step b); 

(4) the network predicting method according to (1), wherein the method comprises generating ail topologies that 
can reproduce the given data in step a); 

(5) the network predicting method according to (1) : wherein the method comprises selecting networks that can 
reproduce the given data in step a), as networks that can reproduce the given data in step a); 

(6) the network predicting method according to (5) , wherein the method comprises generating networks that re- 
produce data having only a small difference from the given data; 

(7) the network predicting method according to (5) or (6) , wherein the step of obtaining networks in step a) and/ 
ore) comprises recombining parts of the structures of networks that reproduce data having only small differences 
from the given data; 

(8) the network predicting method according to any one of (5) to (7), wherein obtaining networks in step a) and/or 
c) comprises searching structural neighborhoods of an arbitrary network to produce new networks; 

(9) the network predicting method according to any one of (1) to (8), wherein obtaining networks in step a) and/or 
c) comprises predicting one parameter or a set of several different parameters for the same network; 

(10) the network predicting method according to any one of (1) to (8), wherein obtaining candidate networks in 
step a) and/or c) comprises predicting parameters using at least one method selected from the group consisting 
of a genetic algorithm, simulated annealing, and a hill climbing method; 

(1 1 ) the network predicting method according to any one of ( 1 ) to (1 0) , wherein the data generated by the elements 
is an expression profile of a gene; 

(1 2) a network predicting apparatus that can reproduce data from given data produced by mutually related elements 
when the relationship between the elements can be described as a network, wherein the apparatus comprises the 
following means: 

a) first storage means for storing networks each composed of a topology and a corresponding parameter set; 

b) second storage means for storing candidate topologies or elements thereof and a corresponding parameter 
set; 

c) means for generating topologies that can reproduce the given data, and for each of the generated topologies, 
producing a parameter set that has the highest fitness to the given data, thereby obtaining candidate networks,' 
which are then stored in the first storage means; 

d) means for extracting a consensus pathway from candidate networks which meet a desired criterion and are 
stored in the first storage means, and storing the consensus pathway in the second storage means; 

e) means for generating topologies containing the consensus pathway stored in the second storage means 
by means d), providing each of the generated topologies with a parameter set that has the highest fitness to 
the given data, thereby obtaining networks, and storing the networks in the first storage means; and 

f) means for providing the networks stored in the first storage means by the means e) as candidate networks 
for the means, d) until a network to be predicted is obtained; and 

(1 3) A storage medium storing a program that allows a computer system to implement a network predicting method 
according to any of (1 ) to (11 ). 

[0017] The network according to the present invention is composed of three components: a topology, parameters, 
and fitness. These three components are collectively called a "triplet". The term "elements" as used herein encom- 
passes substances constituting a network, and the topology indicates the relationship between these substances. 
Topology comprises a physical structure indicating the connections between the elements. This structure can be re- 
solved into pathways. In other words, topology can be indicated as a collection of pathways. In particular, a pathway 
that is common to a plurality of topologies is called a "consensus pathway". The topology according to the present 
invention is modeled so that real data can be reproduced by the network. All the numerical values required for the 
modeling are called "parameters". The modeling is just an operation that applies a quantitative concept to a topology 
composed of only a physical structure. On the other hand, a set of data actually generated by a network is called a 
"target profile". Topologies with parameters enable differences from the target profile to be computed because they 
involve a quantitative concept. The magnitude of a difference from a target profile means the degree of similarity thereto, 
and in the present invention, this is referred to as "fitness". 

[0018] The network predicting method provided in the present invention comprises the steps described below. A 
precondition of the present invention is that the relationship between mutually related elements can be described as 
a network. Accordingly, in other words, a target profile is generated as a result of interactions between the elements. 
The network predictingmethod of the present invention is characterized by comprising steps a) to d), described below, 
and aims to predict a network that can reproduce the target profile. 
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a) generating topologies that can reproduce the given data, and for each of the generated topologies, producing 
a parameter set that has the highest fitness to the given data, thereby obtaining candidate networks; 

b) extracting a consensus pathway from the networks produced in step a) that meet a desired criterion; 

c) generating topologies containing the consensus pathway extracted in step b), and providing each of the gen- 
erated topologies with a parameter set that has the highest fitness to the given data, thereby obtaining networks; 
and, 

d) repeating steps b) and c) using the networks obtained in step c) as candidates until the scale of networks 
converges to a desired value, thereby obtaining a new network. 



10 [0019] In the present invention, the ability to represent the relationship between mutually related elements as a 
network means that at least some of the elements constituting the network are correlated with each other. Such a 
network can indicate, for example, interactions between genes constituting a certain cell, in this case s an expression 
profile of each gene contained in the cell corresponds to the target profile according to the present invention. The 
expression profile of a gene can be obtained by analyzing the mRNA or protein concentration as the expression level 

15 of the gene. More specifically, DNA chips can be used to obtain an mRNA expression profile. The use of DNA chips 
enables the expression levels of given nodes (i.e. probe sets fixed to the DNA chips) to be efficiently collected. A well- 
known alternative method is to obtain an expression profile of a protein using two-dimensional electrophoresis. 
[0020] A network for reproducing a target profile can be represented by a triplet composed of the association between 
genes corresponding to the topology having genes as nodes, a parameter that indicates the level of interactions, and 

20 a fitness that indicates the degree of similarity to an expression profile. Fig. 4 shows a topology. Fig. 4a indicates the 
interaction between elements A, B, C, and D, i.e. indicates that element A activates element B, then element B activates 
element C, and finally element C activates element D, which, in turn inhibits element B. This figure also indicates that 
the element A activates itself. A network that can be predicted by the present invention and a triplet constituting the 
network are described below. 

25 [0021] For example : in a network of interactions between enzymes, enzymatic actions using substrates as nodes 
constitute a topology, and the intensity of the activities and the level of the inhibitions are reduced to parameters. The 
fitness in this case represents the degree of similarity to a metabolic map of a cell or tissue. For data on the activities 
of a neural network obtained using electrophysiological experiments or voltage-sensitive pigments, and such, the syn- 
aptic connections between neurons correspond to a topology : and transmitted signals flowing through the synapses 

30 constitute parameters. The fitness in this case represents similarity to activities in the neural network. Furthermore, a 
traffic network and terminals connecting the elements of the network together, or an economic system and the elements 
constituting the system can also be described as a network according to the present invention. 
[0022] It is normally unknown how many constituent elements of a network are associated with each other. Further, 
the association between elements may be completely unknown or partially identified. 

35 [0023] In general, for the topologies generated in step a), diverse combinations are desirably generated in step a) 
in order to allow selection from as wide a range of topologies as possible. For example, generation of all assumable 
topologies is a preferred embodiment of the present invention. However, with a large number of elements to be con- 
sidered, it is difficult to generate assumable topologies that can cover all the combinations between the elements. With 
an excessively large number of candidates for topologies, screening could be difficult. Accordingly, topologies can be 

40 selected as required. For example, topologies can be randomly selected from all assumable ones. The set of topologies 
generated in step a) are collectively referred to as a "topology pool". 

[0024] Further, if the association between the elements constituting a network is already partially known , a reasonable 
screening can be achieved by generating topologies after this association fixed. For example, when analyzing a gene 
expression profile of a cell, the interaction between some genes is often partially known. In this case, it is rational to 

45 generate topologies generated with the already known part fixed. Conversely, it is expected that possible interactions 
that are entirely different from known relationships can be found by generating topologies while ignoring the commonly 
accepted theories about relationships between the elements. Moreover, even if the association between the elements 
constituting the network is unknown, topologies can be generated by experimentally fixing a part of the association 
based on a hypothesis. By applying the present invention to the thus generated various topologies, the plausibility of 

50 the hypothesis can be confirmed through comparison of the topologies. 

[0025] In this case, with the network predicting method according to the present invention, a plurality of candidate 
networks can be generated allowing a wide range of assumable candidate networks to be obtained. This is a marked 
advantage over the well-known method for aiming to predict a single candidate network. Further, candidate networks 
predicted under various conditions can be more effectively compared with each other. For example, the ranking of a 

55 candidate network obtained through a prediction under certain conditions can be compared with that of a candidate 
network obtained through a prediction under other conditions. 

[0026] The selection of topologies or networks in step a) may narrow the range of targets to be screened. However, 
the selection of candidates in step a) does not significantly affect the final results of the prediction of a network for the 
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following reason. In the present invention, as described later, the step of predicting stepwise topologies that can re- 
produce given data is repeated. Accordingly, even if a particular candidate network is missing in a candidate group In 
a certain step, the resulting adverse effect is only partial. This is because the present invention repeats the step of 
extracting a consensus pathway, which is frequently found in the topologies. Consequently, if candidate networks are 

5 randomly selected, the consensus pathway can be extracted whether or not a particular topology is present. 

[0027] The present invention further comprises generating topologies containing the consensus pathway and pro- 
viding the generated topologies with parameters to obtain candidate networks again. The only condition imposed on 
the thus generated candidate networks is that they have the consensus pathway. The candidate networks may be 
generated for all randomly assumed topologies , or the present invention may further comprise frequently producing 

10 networks that reproduce data having only a small difference from the given data. 

[0028] The step of frequently producing a desired network increases the probability of selecting candidate networks 
that can reproduce the given data. The present invention may further comprise partially recombining networks that 
reproduce data having only a small difference from the given data : to produce new networks. This can be implemented 
using a genetic algorithm (GA) and such, 

is [0029] The genetic algorithm was devised as a solution method. With the genetic algorithm, candidates that can 
achieve a certain object are produced by repeatingly evaluating a randomly generated candidate group from a particular 
viewpoint to select only candidates at a specific level or higher, and generating a new candidate group based on the 
selected candidates. Since this step is similar to the principle of the evolution of organisms, it is called the "genetic 
algorithm". Applying the genetic algorithm to the present invention, for example, enables one to produce artificial com- 

20 binations between candidate networks having a high fitness. If this recombination results in a large number of networks 
with a high fitness, similar recombinations may be actively carried out based on the genetic algorithm. 
[0030] The candidate networks thus obtained result from a wide and rough search of a network space. The term 
"network space", as used herein, means a space containing all assumable networks. A wide and rough search of a 
network space is called a "wide area search". In order to compensate for the wide area search, a search method for 

25 obtaining networks may comprise searching structural neighborhoods of an arbitrary topology to produce new topol- 
ogies. Such a search method is called a "local search" as against the "wide area search". The local search can be 
carried out, for example, using simulated annealing (SA). Optimum networks can be efficiently selected by using the 
wide area search and local search in a hybrid form in order to generate candidate networks. 

[0031] In the step of obtaining networks in step a) , one parameter or a set of plural different parameters can be 
30 predicted for the same topology. In order to predict the parameters, a well-known optimizing method ("Genetic Algo- 
rithm" supervised by Hiroaki KITANO and issued by Sangyo-Tosho, Ltd. (1993)) such as the genetic algorithm (GA), 
simulated annealing (SA) : orthe hill climbing method can be used. This enables quick prediction of optimum parameters 
for topologies that are required to reproduce the given data. 

[0032] The hill climbing (HC) method carries out searches by selecting the most promising one of the possible search 
35 points. That is, this method finds the optimum solution in the neighborhoods of a search point. The simulated annealing 
(SA) method introduces a probabilistic transition into the concept of the HC method in order to avoid local minimums. 
The term "local minimum" means a solution that is optimum within a limited range but is not in a wide search range. 
The HC algorithm derives a solution by repeating local comparisons and thus tends to result in local minimums . The 
simulated annealing (SA) method differs from the HC algorithm in that when the neighborhoods of a search point X| 
•to are searched and a solution X is obtained, there is a possibility of X, +1 = X even if an evaluated value for the solution 
X is worse than X,. That is, if the new solution is better than the old one, the latter is replaced with the former. On the 
other hand, even if the new solution is worse than or equal to the old one, the latter is replaced with a different solution 
using a given probability. This operation leaves more solutions than the number of search points, and makes it more 
likely that not only local minimums but also a solution closer to the optimum one are obtained. 
•*5 [0033] In step b) , a consensus pathway is extracted from the previously produced candidate networks that meet a 
desired criterion. The criterion to be met according to the present invention is that the difference from data generated 
by a network to be predicted is within an allowable range. In the present invention, the data generated by the network 
to be predicted is specifically called a "target profile" . 

[0034] The differences between each network and the target profile can be compared using an arbitrary method. For 
50 example, comparison of fitness of the networks enables ranking using the magnitudes of differences between each of 
the candidate networks and the given data. The extracted consensus pathway is normally a structure frequently found 
in higher-ranking candidate networks, which have been ranked according to evaluation of fitness. The term "consensus 
pathway", as used herein, means a partial topology structure that can be extracted from a plurality of candidate net- 
works. As described previously, in the present invention, one or more consensus pathways may be selected. For 
55 example, in a certain group of candidate networks, if a plurality of logically inconsistent structures are extracted from 
networks that meet the desired criterion, then the extracted structures are employed as candidates, and the subsequent 
process is divided into different processes for the respective candidates. In the present invention, when a consensus 
pathway is extracted and in the subsequent steps, extraction of the subsequent consensus pathway is repeated based 
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on the first consensus pathway, the first extracted consensus pathway is expressed as being fixed. 
[0035] The higher-ranking candidates preferably correspond to a group composed of 5% of ail candidates that have 
a higher fitness calculated based on a total sum square method. The "high frequency" for such a group means when 
the consensus pathway is found in the candidates, for example, with a probability of 5% or more and more preferably 
3% or more. A method for evaluating fitness based on a total sum square error in networks found by the total sum 
square method is described later in further detail. In other words, evaluation of fitness based on the total sum square 
error is equivalent lo evaluation based on comparison in the time domain. In the present invention, comparisons can 
be made not only in the time domain but also using information in the frequency domain. The information in the fre- 
quency domain comprises an individual frequency components or a distribution thereof contained in the information 
in the time domain, and can be represented as a set of amplitudes and frequencies. These amplitudes and frequencies 
can be compared with those of a target using the TSS error or a correlation function. 

[0036] In this case, the preset selection criterion of higher-ranking 5%, which is predetermined, can be varied de- 
pending on circumstances. For example, if elements to be extracted for a consensus pathway are dispersed among 
a large number of patterns and no significant difference in fitness is found between the higher-ranking 5% of all networks 
and the other networks, the higher-ranking 5% may be an insufficient selection range. In such a case, preferably the 
selection range for the consensus pathway may be widened to the extent in which a significant difference in fitness is 
found. Conversely, if the elements to be extracted for the consensus pathway concentrate in limited patterns, the 
selection range need not necessarily be widened. 

[0037] In the present invention, one or more target profiles may be used, on which calculations of fitness are based. 
For example, data generated by a normal network (wild type) can be combined with a target profile comprising data 
provided by a network in which some elements have been artificially destroyed (mutant) . The use of several target 
profiles allows candidate networks to be evaluated in various aspects , thereby allowing easy selection from the can- 
didates. Specifically, for example, by referencing a target profile based on a mutant, logically impossible candidates 
can be excluded from a group to be evaluated. Alternatively, more plausible candidates can be highly evaluated. 
[0038] Whether or not the criterion for selecting a consensus pathway is met by networks can be judged not only by 
comparing fitness but also by evaluating whether or not networks containing a certain pathway can generate data 
which are similar to a target profile and which are also similar to each other. Data generated by a network containing 
the consensus pathway should be similar to the target profile. Therefore, by predicting whether or not a network con- 
taining a certain pathway can generate data similar to the target profile, it can be judged whether or not this pathway 
should be extracted as a consensus pathway. To achieve this, the consensus pathway can be fixed, for example, using 
the following algorithm. An important point of this method is the method of deriving a consensus pathway p. In this 
case, as a criterion for the derivation, a vector r (gamma) of an N x N matrix (wherein number of network component 
fs N) is defined. By using a topology having an elite number T corresponding to a high fitness from a topology pool, 
the elements y^ of the vector r are determined using Equation 1 : 



wherein w k ,j denotes a connected weighting value for the i-th row and j-th column element in a topology k, Aj denotes 
the average gene product concentration of a node i over all steps, and denotes the sum of connection state values 
(1 : connected, 0: unconnected) for the i-th row and j-th column elements in an elite. 

[0039] In Equation 1 , a result is obtained which reflects the connected weighting value, the expression product con- 
centration of the node : and the inter-node connection frequency. However, this gives only very influential connections 
and fails to provide possible non-connections. Thus, a criterion y is introduced for non-connections. The elements 
are defined as follows: 



[Equation 1] 
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[Equation 2] 
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wherein E denotes a constant (=0). 

[0040] Once the reference matrix r has been derived, the element having the largest value in this matrix is assumed 
to be the most plausible pathway. That is, for example, if the element y (2,3) has the largest value in the matrix r 
(activation) , it is assumed that node 2 provides strong activation control for node 3 . Hence , a search path as described 

15 later, or the like, can be used to recursively fix a consensus pathway by pre-determining the "number of pathways fixed 
during one cycle" based on the matrix r. "One cycle" according to the present invention includes steps a) to c), in which 
candidate networks are generated and evaluated to extract a consensus pathway, and a new network is generated 
based on this consensus pathway. As described later the number of cycles constituting the network predicting method 
according to the present invention is not particularly limited. 

20 [0041] Various paths and hierarchical arrangements can be used to recursively search for a consensus pathway as 
shown in Fig. 2. In this drawing, the left search path is called a 1) "serial search path", the middle one, a 2) "pyramid 
search path", and the right one, a 3) "combinatorial search path". If there are several candidates for a consensus 
pathway, the pyramid or combinatorial search path can be used. 

[0042] The serial search path is a search method for sequentially and serially adding consensus pathways. Further, 
25 with the pyramid search path, a plurality of consensus pathways are added in each hierarchy as candidates. The search 
method based on the pyramid search path is schematically shown in Fig. 3. This Fig. 3 shows a process used in the 
search method based on the pyramid search path to generate assumable networks (derivative networks) from a fixed 
network (core network). Furthermore, the combinatorial search path is a method for combining, in each hierarchy, 
consensus pathways from a higher hierarchy. 
30 [0043] Subsequently in step c) , new topologies containing the consensus pathway are generated, and the generated 
topologies are each provided with a parameter set to obtain a group of secondary candidate networks. In order to 
generate a group of secondary candidate networks, the method for generating candidate networks in step a) can be 
directly applied. The group of secondary candidate networks are evaluated again as candidate networks in step b), 
and the step of extracting a consensus pathway is repeated. Each consensus pathway extracted in and after the second 
35 cycle must have a new structure compared to the preceding consensus pathway. That is, the extracted structure is 
different from that of the preceding consensus pathway, or contains the preceding consensus pathway and has more 
components than it. Regardless of the extracting method employed, consensus pathways indicated by combining 
together all pieces of information and including the latest one have an equal structure. 

[0044] In the present invention, the network space is gradually narrowed as the steps of generating and evaluating 
40 candidate networks and extracting a consensus pathway are repeated. That is, the variations of candidate networks 
converge. The network predicting method according to the present invention can be completed when the scale of the 
network space is successfully reduced to an intended value. In other words, the network predicting method can be 
completed when the size of a group of networks that can reproduce given data is successfully reduced to a desired 
value. 

45 [0045] The number of variations of candidate networks is minimized when the scale of a secondary candidate network 
space generated in step c) is the same as that obtained during the preceding cycle. At this time, the number of variations 
of networks, which comprise parameters and fitness provided for a consensus pathway used to generate these can- 
didate networks, is minimum. Therefore, all the networks that can reproduce data can be selected by repeating the 
network predicting method of the present invention until the variations of candidate networks converge. However, the 

50 network predicting method according to the present invention can be ended at an arbitrary stage before the network 
space converges provided that its scale can be reduced to the desired value. 

[0046] The present invention includes an apparatus that implements the above-described network predicting method 
and a storage medium storing a program that allows a computer system to implement the above-described network 
predicting method. 

55 [0047] All of the cited prior art documents are incorporated herein by reference. 
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Brief Description of the Drawings 
[0048] 

Fig. 1 is a diagram describing the use of a computer in molecular biology. 

Fig. 2 is a diagram showing paths used to search for a consensus pathway; (1) shows a serial search path, (2) 
shows a pyramid search path, and (3) shows a combinatorial search path. 

Fig. 3 is a diagram showing the concept of a pyramid search path through which a consensus pathway is searched. 
Fig. 4 is a diagram showing a target profile generated by a network. In Fig. 4(a), the numbers indicate connected 
weighting values, and in Fig. 4 (b) , the horizontal axis indicates time, while the vertical axis indicates the concen- 
tration each gene product. 

Fig. 5 is a diagram showing the concept of an iterative sampling method, which is an example of the network 

predicting method according to the present invention. 

Fig. 6 is a chart showing the distribution of sum square TSS errors. 

Fig. 7 is a diagram showing a hierarchical structure obtained experimentally 

Fig. 8 is a diagram showing an example of a gene and metabolic network. 

Fig. 9 is a diagram showing an example of a target profile. 

Best Mode for Carrying out the Invention 

[0049] In order to demonstrate the effectiveness of the network predicting method according to the present invention, 
the following experiments were carried out. This predicting method is composed of repeating the processes of artificially 
generating a set of triplets (triplet pool) and extracting a candidate triplet therefrom. One process cycle comprising the 
generation and extraction is called a "sampling cycle". An "iterative sampling method" was applied to this extraction 
process; with this method, an essential topology that plays a key role in constructing a gene network is derived from 
a set of networks present in structural neighborhoods. This method is mainly characterized by focusing on the extraction 
of a more reliable topology from a set of candidate networks. The algorithm of the network predicting method based 
on the present invention is shown below. 

1 . Possible network topologies are generated, and for each of the topologies, parameters are optimized so as to 
agree with target data. 

2. Each network is evaluated for fitness (using the TSS error and such). 

3. A consensus pathway is derived from a T number of networks with a high fitness or from all weighted networks. 
4 . The consensus pathway is fixed in accordance with a certain criterion. 

5. Network topologies containing the already fixed consensus pathway are generated, and for each topology, the 
parameters are optimized. 

6. The process returns to step 2. 

[0050] Fig. 5 shows this algorithm. Herein, the consensus pathway is a combined structure fixed as elements of a 
plausible network and is assumed to be a core network. During each cycle, a constant number of combined structures 
are fixed and added to the core network fixed during the preceding cycle, as an "Fth-order core network" if required. 
F denotes the number of iterations of the sampling cycle. 
[0051] Further, this algorithm is indicated as follows using pseudocodes: 
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F-l; 

G(F)={<(>} ; 
5 while (F<Fmax) { 

Generate network topologies containing D=G(F); 

Evaluate each network in D for fitness (using the TSS error or the 
like) ; 

10 

Evaluate a consensus topology in D; 
if (p is frequently found) { 
G(F+l)=G(F)U{p} ; 
15 } 

F++; 
} 

2Q Output G(F) ; 

[0052] In this program, D denotes a set of candidate networks, G(F) denotes a core network at a hierarchical depth 
F, and p denotes a consensus pathway through which those of the candidates of a candidate group the number of 
which is defined by a function size S (p) are added to the core network. In this algorithm, if a first-order core network 

25 at F = 1 is to be generated, since G(F) = {<)>}, a group of candidate networks are completely randomly generated and 
stored in the set D. Then, statistical evaluations are performed to extract a consensus pathway p as a first-order core 
network. Thus, one cycle is completed. Furthermore, for second-order networks at F = 2, derivative networks containing 
the first-order core network are stored as the candidate group in set D and then evaluated. The consensus pathway p 
is then added to the higher network, in this case, the first-order core network to obtain a second-order core network. 

30 Similar operations are repeated until the depth F reaches the value Fmax. That is , the highest hierarchy is not the 
only core network, and if networks below a certain hierarchy are to be searched, the networks in this hierarchy are 
assumed to be derivative, and functions are then added to these networks to generate a core network for the lower 
hierarchy. 

[0053] A triplet extracting process was experimentally executed by setting the size of G(F) at 5,000. The distribution 
35 of TSS errors is shown in Fig. 6. A consensus pathway P was extracted using an elite number E = 300, the cycle was 
repeated until F = 2, and the function size S(p) for each cycle was set at 2. 

[0054] The r (activation) (Equation 3) and T (inhibition) (Equation 4) during the first cycle are shown below. Each of 
the underlined elements is the maximum value of the corresponding matrix. The hierarchical structure experimentally 
obtained is shown in Fig. 7. 



40 



[Equation 3] 



45 



T(activation) 



( 20606.2 62648.4 

10298.4 3726.79 

14187.5 19064.7 



4204.16 



5923.83 



9184.12 



16817.8 > 
8764.97 



8081.3 



50 



\ 3241.13 13953.1 



1082.62 



5183.11 



/ 



55 



10 



EP 1 248 231 A1 



10 



[Equation 4] 



T (inhibition) = 



/ 132.628 141.171 

5448.63 554.033 

862.98 1622.94 

\ 898.286 11386 



1082.3 4985.05 \ 

1878.69 1177.37 

1193.72 2394.87 

1519.07 0.279233 J 
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25 



[0055] The extracted candidate networks included a candidate topology containing networks indicating the activation 
of A by itself and activation of B by A, which constitute a part of the target profile shown in Fig. 4(a). Thus, it is evident 
that the present invention enables prediction of a network configuration that efficiently generates a target profile. 
[0056] The above-described process and a process of extracting candidate triplets will be specifically described 
taking a specific gene network as an example. This gene network generates an expression profile composed of time 
series data such as those shown in Fig. 4(b). 

[0057] First, chromosomes were coded based on a connection matrix indicating the connection relations of a topol- 
ogy. The term chromosome as used herein is a term for the genetic algorithm. That is, the chromosome as used herein 
is obtained by coding a connected weighting as genes and a threshold. A network is constructed based on parameters 
coded on the chromosome. If this relationship is applied to the chromosome as a biological term, the parameters coded 
on the chromosome corresponds to genes , and the network generated based on the parameters corresponds to an 
expression type. 

[0058] In this case, because Fig. 4 (a) shows four expression products, a topology of networks having four nodes 
will be considered. Such a topology is represented by a connection matrix C such as the one shown below. 



30 

[Equation 5] 



35 



40 




[0059] This topology has five connections, each of which must be weighted, so that chromosomes having four gen- 
45 otypes were generated. Furthermore, since the threshold of each node must be optimized, ultimately, chromosomes 
having 9 genotypes (five (number of connections) genotypes plus four (number of thresholds for anode) genotypes) 
will be generated. The allowable ranges (real values) of the weightings on the chromosomes and of the thresholds are 
shown in Table 1 . 

so Table 1 



Connected weighting 


A->A 


[0-1] 


A->B 


[0-1] 


B->C 


[0-1] 


C->D 


[0-1] 


D->B 


[-1-0] 
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Table 1 (continued) 


Connected weighting 


Threshold for node 


A 


I [0-1] 


B 


! ro~n 


C 


I [0-1] 


D 


[0-1] 



10 

[0060] In this manner, a plurality of topologies that could achieve the expression profile shown in Fig. 4(b) were 
generated and stored in topology storage means (the first-order or top topology storage means in Fig. 5). 
[0061] The genetic algorithm GA was used to optimize the parameters (weighting and threshold) for each of the 
stored topologies. First, N sets of parameters within the ranges determined for the topology were randomly generated 
15 to obtain an initial group of chromosomes. Table 2 shows an initial group for the topology determined by the above- 
described connection matrix. Each individual in the table is composed of a chromosome having five connected weight- 
ings and four thresholds as genes. 



Table 2 



20 


Connected weighting 


Individual 1 


Individual 2 


Individual 3 


Individual N 




A->A 


0. 2 


0. 3 


0 ... 


0. 3 




A-»B 


0. 4 


0. 7 


0.2. 


..0.2 


25 


B->C 


0. 2 


0. 2 


0. 5 . 


.. 0. 6 




C->D 


a. 


0.4 


0. 7 . 


..0.2 




D->B 


-0.1 


-0. 3 


-0. 6 


..-0. 5 




Threshold value ! 


30 


A 


0.6 


0. 6 


0. 3 


...0. 2 




B 


0. 2 


0. 2 


0. 3 


...0. 4 




C 


0. 3 


0. 4 


0. 3 


...0. 6 


35 


D 


0.2 


0. 5 


0. 3 


...0. 2 



[0062] In this manner, for each topology, the chromosomes were determined in the form of lists. This initial group 
was optimized by applying the genetic algorithm GA thereto. The fitness of each parameter was used as an index for 
the optimization . The GA parameters used were a population size of 500, a generation of 300, a crossover rate of 0.8, 
40 and a mutation rate of 0.01 , and an elite conservation strategy and a tournament selection strategy were used. 

[0063] The fitness of the initial group was found by generating an expression profile for each individual based on the 
chromosome parameters and executing a process for the total sum square TSS error between the expression profile 
and the target profile. The total sum square TSS error process is described below. 

[0064] As shown in Fig. 4 (b) , target profiles are provided as time series data with regard to concentration. Thus, 
45 the concentrations of the expression substances A, B, C, and D at a time t are represented as L TA (t) t L^t), L xc (t), 
and Lyott), respectively, and based on the parameters of the generated chromosomes, the concentrations of the ex- 
pression substances calculated by Equation (1), described above, can be represented as L EA (t), L EB (t) : L EC (t), and 
L ED (t). The total sum square TSS error between the concentration L TA (t), L TB (t) f L TC (t), or Ljpft) and the concentration 
LeaW. L EB (t), L EC (t), or L^t) can be expressed as shown below. The thus determined total sum square TSS errors 
so were defined as the fitness of each generated network (chromosome). 



55 
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[Equation 6] 

A,B,C T 2 

TSS = 11(^(0-1.(0) 

X ^0 



[0065] The thus determined fitness can be utilized to optimize the parameters (connected weighting and threshold) 
for each topology using the genetic algorithm GA. That is, a triplet pool composed of a collection of optimized triplets 
can be constructed by ranking the topologies based on the fitness, and selecting and storing those having a higher 
fitness, in the topology storage means (the first-order topology storage means, used after the parameter optimization). 
[0066] Then, candidate networks can be predicted by using the constructed triplet pool to compare r based on the 
equations described previously. More specifically, higher elements each having a larger T (a, activation) or r (i, inhi- 
bition) value are extracted as many as the number of consensus pathways fixed during one cycle. For example, if one 
consensus pathway is fixed during one cycle, elements each having the largest r (a) or r (i) value are selected as a 
consensus pathway. From the second cycle, the number of consensus pathways fixed is sequentially increased, and 
this operation is repeated for a required number of cycles. 

(Other Applications) 

[0067] In the above description and examples, a gene network was used as an example. The present invention is 
also applicable to, for example, a gene and metabolic network. Fig. 8 shows such a gene and metabolic network. 
Genes as well as enzymes and proteins in metabolism are denoted by nodes, with relations such as activation, inhi- 
bition, and mediation denoted by links. A network using these nodes and links are shown in Fig. 8(a). The above- 
described process is applied to the topology shown in Fig. 8(b). 

[0068] In the above description, a gene network and a metabolic network are shown, but the present invention is 
also applicable to a neural network and such. The data (target profile) required in this case is neuron action potential 
and such. 

[0069] Thus, the method of the present invention can be used in various manners. Fig. 9 shows various examples 
of applicable target profiles. Fig. 9 (a) shows when the target profile consists of zero-dimensional space data . For 
example, these data vary with time or frequency. The data may be, for example, concentration, activity, or potential. 
Fig. 9(b) shows one-dimensional space data. The data in this case may be a quantity dependent on the space x and 
time or frequency. Such a quantity may be concentration, activity, or potential. The target profiles shown in Figs 9(c) 
and 9(d) are two- and three-dimensional space data. These data may be quantities dependent on a two- (x, y) and 
three- (x, y, x) dimensional spaces as well astime or frequency. Such quantities may be concentration, activity, potential, 
and such. In this manner, the target profile can be provided in various data forms. 

[0070] As described above, the present invention is effective when a target profile is present and the network con- 
figurations generated by the target profile are predicted. 

[0071] The present invention may be applied not only to a standalone computer system but also to, for example, a 
client server system composed of a plurality of computers. 

[0072] The configuration of the present invention can be achieved by allowing the system to read out a program 
relating to the present invention, from a storage medium in which the program is stored and then executing the program . 
This storage medium may be a DVD, an MD, an MO, a floppy disk, a CD-ROM, a magnetic tape, a ROM cassette, or 
such. 

Industrial Applicability 

[0073] As described above, the present invention is very effective when a target profile is present as data and the 
network configurations generated by the target profile are predicted. In particular, the present invention can be effec- 
tively applied to predict a molecular biological model such as a gene network or a metabolic network. 
[0074] The present invention enables a network to be predicted based on at least one data profile. Accordingly, the 
number of experimental steps required to obtain a data profile can be minimized. Alternatively, combining mutant- 
based target profiles together enables candidate networks to be more easily selected. 

[0075] Further, in the present invention, a plurality of candidate networks can be easily evaluated if required. There- 
fore, a wide selection range is always provided, thereby allowing more diverse possibilities to be efficiently analyzed. 
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[0076] The present invention is particularly useful for a method for predicting a network using as a target profile a 
gene expression profile obtained using DNA chips. Each of the DNA chips has probes (a probe set) for a group of 
genes densely fixed thereto. DNA chips that are fixed with the same probe set produce highly reproducible analysis 
results provided that the otherconditions forthechips are the same. That is, networks according to the present invention 

s provide an expression profile based on networks having a common node. For analysis of an expression profile using 
DNA chips, a standard is set so that the analysis results of different experiments can be compared with each other. 
For example, the results of different experiments can be easily compared with each other by adapting hybridization or 
washing conditions, which markedly affect the results, to the predetermined common standard in advance. 
[0077] Using the thus collected DNA-chip-based analysis results, a network is first predicted based on the analysis 

10 results for a first cell. Furthermore, a network is predicted based on an expression profile obtained from a second cell. 
If the DNA chips used comprise the same probe set, the network predicting method according to the present invention 
can be achieved with both expression profiles integrated together. Thus, candidate networks can be more efficiently 
selected by storing a plurality of expression profiles obtained using certain DNA chips and carrying out the network 
predicting method of the present invention based on the stored expression profiles. The main advantage of such an 

15 analysis method is that by storing experimental results from various research facilities in one location, analysis results 
obtained using DNA chips can be easily integrated. 

[0078] Furthermore, by storing various expression profiles composed of the same nodes, the expression profiles of 
various genes can be analyzed using a computer. As a result, the computer can be used to predict an expression 
profile that may be obtained when a certain gene is inhibited, and an experiment plan can be made for experiments 
20 using the same DNA chips to experimentally confirm the prediction. As described above, the network predicting method 
of the present invention is particularly useful in analyzing expression profiles of genes using DNA chips. 



Claims 

25 

1 . A network predicting method that can reproduce data from given data produced by mutually related elements when 
the relationship between the elements can be described as a network, wherein the method comprises the steps of: 

a) generating topologies that can reproduce the given data, and for each of the generated topologies, producing 
30 a parameter set that has the highest fitness to the given data, thereby obtaining candidate networks; 

b) extracting a consensus pathway from the networks produced in step a) that meet a desired criterion; 

c) generating topologies containing the consensus pathway extracted in step b) , and providing each of the 
generated topologies with a parameter set that has the highest fitness to the given data, thereby obtaining 
networks; and, 

35 d) repeating steps b) and c) using the networks obtained in step c) as candidates until the scale of networks 

converges to a desired value, thereby obtaining a new network. 

2. The network predicting method according to Claim 1 , wherein the desired criterion is evaluated based on fitness 
in step b). 

40 

3. The network predicting method according to Claim 1 , wherein the desired criterion is an ability to generate data 
that are similar to the data generated by a network containing the pathway in step b). 

4. The network predicting method according to Claim 1 , wherein the method comprises generating all topologies that 
45 can reproduce the given data in step a). 

5. The network predicting method according to Claim 1 , wherein the method comprises selecting networks that can 
reproduce the given data in step a), as networks that can reproduce the given data in step a). 

50 6. The network predicting method according to Claim 5, wherein the method comprises generating networks that 
reproduce data having only a small difference from the given data. 

7. The network predicting method according to Claim 5 or 6, wherein the step of obtaining networks in step a) and/ 
ore) comprises recombining parts of the structures of networks that reproduce data having only small differences 

55 from the given data. 

8. The network predicting method according to any one of Claims 5 to 7, wherein obtaining networks in step a) and/ 
ore) comprises searching structural neighborhoods of an arbitrary network to produce new networks. 
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9. The network predicting method according to any one of Claims 1 to 8, wherein obtaining networks in step a) and/ 
or c) comprises predicting one parameter or a set of several different parameters for the same network. 

10. The network predicting method according to any one of Claims 1 to 8, wherein obtaining candidate networks in 
step a) anoVor c) comprises predicting parameters using at least one method selected from the group consisting 
of a genetic algorithm, simulated annealing, and a hill climbing method. 

1 1 . The network predicting method according to any one of Claims 1 to 1 0, wherein the data generated by the elements 
is an expression profile of a gene. 

12. A network'predicting apparatus that can reproduce data from given data produced by mutually related elements 
when the relationship between the elements can be described as anetwork, wherein the apparatus comprises the 
following means: 

a) first storage means for storing networks each composed of a topology and a corresponding parameter set; 

b) second storage means for storing candidate topologies or elements thereof and a corresponding parameter 
set; 

c) means for generating topologies that can reproduce the given data, and for each of the generated topologies, 
producing a parameter set that has the highest fitness to the given data, thereby obtaining candidate networks, 
which are then stored in the first storage means; 

d) means for extracting a consensus pathway from candidate networks which meet a desired criterion and are 
stored in the first storage means, and storing the consensus pathway in the second storage means; 

e) means for generating topologies containing the consensus pathway stored in the second storage means 
by means d), providing each of the generated topologies with a parameter set that has the highest fitness to 
the given data, thereby obtaining networks, and storing the networks in the first storage means; and 

f) means for providing the networks stored in the first storage means by the means e) as candidate networks 
for the means d) until a network to be predicted is obtained. 

13. A storage medium storing a program that allows a computer system to implement a network predicting method 
according to any of Claims 1 to 11 . 
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Fig. 2 
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Fig. 3 
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Fig. 4 
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Fig. 5 
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Fig. 6 
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Fig. 7 
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Fig. 8 



(a ) Indication of gene and metabolism network 
Enzyme and protein □ 

Gene q 

Relation Activity 

1 Inhibition 



*- Reaction (one direction) 
=> Reversible reaction 



Medium 



1. 



— Medium (inhibition) 



( b ) Example of network 






AB 








x r 


D 



23 



EP 1 248 231 A1 



Fig. 9 



(a ) Data in zero-dimensional space 

x : time or frequency 
i : concentration, activity, potential, etc. 




( b ) Data in one-dimensional space 



x : space 

: time or frequency 

•• concentration, activity, potential, etc. 




(c ) Data in two-dimensional space 
x v y : space 

t : time or frequency 

c : concentration, activity, potential, etc. 

(d ) Data in three-dimensional space 
x , y v z : space 

t : time or frequency 

c : concentration, activity, potential, etc. 
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